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Abstract
The Business Section ofthe VVS (Netherlands Society for Statistics and Opérations Research)
organized the following competition. Maximize the output of a given simulation model by
selecting the best combination of six inputs; only 32 runs are permitted. Participants in this
competition came from industry and academia; actually twelve teams competed. This paper is
written by the winning team, explaining its design and analysis. That design proceeds in stages.
First, Rechtschaffner's saturated design for estimating all maineffects and two-factor interactions
is used. Then factors are changed one at a time to estimate quadratic effects. Finally, the
estimated second-order polynomial is used to estimate the optimal input combination.
Keywords: Design of experiments, regression, simulation.
JEL Code: CO
1. Introduction: the competition explained
Two recent issues ofthe VVS Bullelin ( November 1997, pages I50-151 and December 1997,
pages 162-163) defined the following problem (the translation from the original Dutch text into
English is our's).
'Optimize your own output! You have developed an advanced computer model that computes the output ofthe
synthesis ofzeolite on gauze pads, for given values
of the following six factors:
F'actor Current Setting
(A) Aluminum 150 mM
(B) Silicon 400 mM
(C) Temperature 250 `C
(D) Template 10 mM
(E) Revolutions 300 rpm
(F) CoPPef 100 y M
Por the curcent setting the computer model calculates an output of 90.9 ppb. You have the impression that this
setting is not optimal at all. Therefore you decide to start experimenting with the settings ofthese six factors. ... you
can compute no more than 32 runs. By how many ppb can you increase the output?
Rules ofthe game:
L[Given is the following table:]Run A B C D E F
I 120 380 200 10 300 100
2 180 380 200 10 300 100
3 120 420 200 10 300 100
4 I80 420 200 10 300 100
5 120 380 300 10 300 100
6 I80 380 300 10 300 100
7 120 420 300 10 300 100
8 180 420 300 10 300 100
2. We (the organizers of the compe[ition] will e-mail you a similar list, including the corresponding output.
Notc:
Ofcourse, the table above is only an example, in which only the factors A, B, and C were varied. You are permitted
to vary more factors or fewer factors as long as you indicate for each of the six factors how you wish to set its value.
In the example 8 runs were offered. So 24 runs remain for new experiments.
You yourself de[ermine how you will spread the 32 runs over the experiments, e.g. I experiment with 32
runs, 2 experiments with 16 runs. 1 experimen[ of 16 runs and 2 of8 runs, etc.
You can register no later than 5 lanuary 1998 ...'
At the start of our search, this was all we knew about the problem. In other words, we had
no infotmation on the process itself, the ranges ofits inputs (or factors), etc.; we did know one
input combination and its resulting output. We shall call this latter run the free base run.
We organize this report on our search, as follows.
~2. Solution strategy selected
~3. Rechtschaffner (1967) 's saturated R-5 design
fi4. Quadratic effects: one-at-a-time design
~5. Estimating the optimal combination from the second-order polynomial
fiG. Conclusions
~7. Epilogue
Appendix: All 33 runs and [heir inputs and outputs
2. Solution strategy selected
Any simulation model implies an input~output (abbreviated to 1~0) function or response surface.
Since the simulation model of this competition represents a chemical system, we assume that
interactions among the six factors (or inputs) are important. Moreover, the competition concerns
a maximization problem, so we assume that quadratic effects are important (as these effects can
model a'hill top'). Therefore we assume that the I~O function can be adequately approximated
by a.cecond-deXree polynomiu! over the area ofexperimentation. This polynomial has twenty-
eight parameters, namely the overall mean or intercept (say) ~3,,, the six main or first-order effects
p,, ..., ph, the fifteen two-factor interactions p,,,. ..., ~3 s~, and the six quadratic effects p, ,, ...,
(3~ F. Which experimental design should we select to estimate these parameters?
We have a tight 'computer budget', since ~ I stated that we can make only 32 runs; we have
one run free, namely the base run. So to estimate all effects, we need 27 more runs. But we do
not wish to spend 84a~o of our computer budget in one shot. Instead we decide to proceed
stagewise: experiments with computer models are usually executed one-by-one (whereas
experiments in, for example, agriculture need to be executed in one shot, as the growing seasonallows no sequentialization). We further decide to focus on interactions, before quadratic eftècts.
Note: On hindsight, the interactions are not so important as we assumed; see "Epilogue'
(~7). So a resolution-4 - abbreviated to R-4 - design would have bcen better. Such a design,
however, is not a subset ofthe design that we shall actually use, namely a Rechtschaffner design;
see next section. An R-4 design may be a subset of a Resolution-5 (or R-5) design; to the class
ofthe R-5 designs belong 2` P designs with k - 6 and p- 1 so 32 runs are needed; see Kleijnen
(1987, p. 309). However, we cannot af7ord so many runs since there is a limit of32 runs and we
also want to estimate the quadratic effects. This limit also implies that we caimot apply Response
Surface Methodology (or RSM), which combines a series oflocal designs with steepest ascent.
See Kleijnen (1998).
Once we have also estimated the quadratic effects, we take the six partial derivativcs
dyldz~ withj- 1, ..., 6, equate to zero, and estimate the optimum factor combination.
Note: The appendix gives the inputs and outputs ofall our 32 runs, plus the free base run.
3. Rechtschaffner (1967) 's saturated R-5 design
Our strategy implies that we first estimate the overall mean ~3,,, the six main effects ~i,, ..., ~3 a and
the tifteen two-factor interactions ~i i z,..., ~i , 6 (in total, 22 effects). Because of the tight
computer budget, we prefer a suturated design, that is, a design with a number ofruns (say) n
equal to the number ofeffects, q (in our case n- y- 22). There aze many such designs, satisfying
different criteria. By definition, R-5 designs give unbiased estimators ofthe overall mean, all
main effects, and all two-factor interactions. We select a design that is readily available, namely
a Rechtschufrner design. This design was derived in Rechtschaffner (1967) and replicated in
Kleijnen (1987, pp. 310-31 I); see Table 1(unlike 2k P designs, this design is nonorthogonal).
Table 1 gives the stundurdized values ofthe factors; that is, - stands for -1, and t for l; -
(respectively t) means that the factor has its lowest (respectively highest) value in the
experiment. Rather arbitrarily we decide to let t correspond with a l00~o increase of the factor
relative to the base value given in the problem description (~ 1); for example, factor A has a base
value of 150, so f ineans that A has value ~~ - 165. Analogously. ~, denotes the value of factor
B, etc. In the analysis ofRechtschaffner's design we use the standardized values (say) x rather
than the original values (or measurement scales) z, because the effects can then be compared
with each other without thinking about their different units (A is in mM, C in Co, etc.). The
effects of the standardized factors can be used to detect the most important factors. In the next
stage we shall use the original scales. Also see Kleijnen (1998).
j. l Main cf~ects only: ftr.ct erght runs
Above (~2) we stated that we prefer to experiment stuKewise. Actually we hope that one or more
factors are unimportant. Therefore we first try to estimate main effects. At least seven runs are
needed to estimate six main effects and one overall mean. Run tkl in Table 1 is the free run.
Misled by the fact that a 2` ~ design ofresolution-3 requires eight runs, we decide to execute
runs !t 2 through í! 8(instead of ít2 through t!7) in Table 1. When we use eight (or seven) runs,
the estimators of the main effects may be biased by higher-order effects (such as two-factor
interactions and quadratic effects). Hence it is dangerous to declaze a variable unimportant when
its estimated main effect is not significant. But how do we analyze the experimental results?Table 1: Rechtschaffner (1967) 's saturated R-5 design in standardized values (- is -l; f is 1)
Run Factor I Factor 2 Factor 3 Factor 4 Factor 5 Factor 6
~ - - - - - -
2 - t t t ~ t
3 t - t t t t
q t t - t t t
j f t t - t t
6 f t t t - t
7 t t f t t -
g t t - - - -
9 } - t - - -
10 f - - t - -
I I t - - - f -
12 } - - - - t
13 - t t - - -
I4 - f - t - -
IS - t - - t -
16 - f - - - t
17 - - t t - -
I8 - - . - t -
19 - - t - - f
20 - - - t ~ -
2~ - - - f - t
22 - - - - t t
We use ordinary least squares (OLS) to estimate the effects p. We emphasize that OLS
is a mathematical - not a statistical - criterion. Denote these OLS estimates by Q.
Note: We do not know whether the simulation outputs have a particular distribution. So
we might assume that they are deterministic, and that the fitting errors are normally identically
and independently distributed (NIID), so we might apply Student's statistic to test the
significance ofthe estimated effects. Actually, we do not test and eliminate factors or effects. We
do the OLS analysis in SPSS, which routinely gives `950~o confidence intervals'.
Before we submit runs !i2 through tt8, we check whether these runs together with the free
run (run li l) permit OLS estimation: we compute the inverse of tx'x) 'where x denotes the
eight-by-seven matrix of standardized inputs including the dummy input that corresponds with
the overall mean (we use MatLab to compute this inverse).
The fitted polynomial gives a coefficient of determination, denoted as R-square, of
0.99999, and a coefficient adjusted for the number of parameters of 0.99996; the resulting
standard error ofthe fitting errors is 0.01516. Table 2 gives the OLS estimates Q, their standard
errors, and 95a~o confidence intervals. This table shows that all main effects are significant. Factor
B seems the most important factor; factor D seems least important; factor F seems to have a
negative effect. However, these are only tentative conclusions, because - as we said before - the
main effects may be biased by higher-order effects. Our conclusion after the first stage is that
there is not enough information either to eliminate a factor or to make any changes in the factor
levels.Table 2: Estimated main effectsji, standard errors, and 950~o confidence intervals
Factor a Standard error Low Upper
A 0.785726 0.006628 0.701512 0.869941
B 1.793276 0.006628 1.709062 1.877491
C 0.541622 0.006816 0.455012 0.628232
D 0.419272 0.006816 0.332662 0.505882
F, 0.612872 0.006816 0.526262 0.699482
F -0.668528 0.006816 -0.755138 -0.581918
(Constant) 94.378726 0.006628 94.294512 94.462941
3.2 Two-~actnr interactions: remuininx runs
Next we execute the remaining runs of Rechtschaffner's design: runs ti9 through tl22 in Table
l. The outputs vary between a minimum of 90.369 and a maximum of 99.204 (base output was
90.900); also see the appendix. Since the design is saturated, R-squaze is 1.0, and the coefticient
adjusted for the number ofparameters is also 1.0; the resulting standard error ofthe fitting errors
is 0.0. Going from eight runs to twenty-two runs changes the factor estimates:
(i) the overalf inean changes to 94.3616
(ii) the six main effects change to 0.79105, 1.79775, 0.5415, 0.41918, 0.61275, and -0.66778
(iii) all two-factor interaction can now be estimated; they equal 0.00225, except for the A-F
interaction, which is 0.0014, and the D-F interaction, which is 0.002225. These interaction
estimates suggest that all two-factor interactions are unimportant. We shall return to this issue.
4. Quadratic effects: one-at-a-time design
Our next step is the estimation of the six quadratic effects (3,,,. Therefore we change one factor
at a time. Each factor should get a value that differs from its previous value so each factor has
at least three values: expressing values in standardized units, we change factorj to (say) c, with
c, x- I and c; ~ 1. Moreover we select a sequential design: we execute runs, one by one (changing
the level of only one factor). In this way, we can re-estimate main effects, interactions, and
quadratic effects ofthat one input. If the estimated optimum value of that input lies within the
limits used so far, it means that we are experimenting within the optintal range of that factor.
However. if that estimated optimal value is far outside the current range, we seem to be searching
in the wrong area!
The first factor we change is the seemingly most important factor, B; see the preceding
subsection ~3.2. Furthermore, we decide to change this factor in the combination that yielded the
highest output so far (namely run !!7, which had output 99.204; see Appendix). Since the
estimated main effect of B is positive, we increase B's value; we do so by another lOolo, which
gives the value 484 in the z domain (which implies the value 3.2 in the x domain; we point out
that the x's and z's aze related through linear transformations with non-zero constants, so a l00~0
change in z is not a l00~o change in x). The output for this combination is 102.79, which is a
further increase of 3.590~0.
After adding this run to the previous 22 runs, we re-estimate the regression model. Next
we take the partial derivatives dy~dz~, equate them to zero, and solve for the estimated optimum
factor values. Of course, the values for the other five factors do not make sense because their
quadratic etfècts are not yet estimated. The 'optimal' B value turns out to be far away from the
values we have been working with so far: the B value becomes 15.4843 in the x domain or729.68599 in the z domain. Of course, this does not necessarily apply to the other fac[ors. Yet,
we decide to take lazger steps for the other factors, in the next runs: we increase all other inputs
by 200~o in the original scales; except for factor F, which we decrease by the same percentage
(hence the new standardized values become 6.5 for A, C, D, and E; -6 for F).
Next we execute five more runs, namely runs tt24 through tí28. Run fk24 gives a higher
output, namely ] 03.1224. We re-estimate the second-order polynomial. The overall mean and
main effects are close to those in ~3.2; the interactions remain unchanged; the six quadratic
effects are -0.01 1488, -0.041071, -0.016225, -0.004175, -0.023099, and -0.019517.
5, Estimating the optimal combination from the second-order polynomial
Ncxt we again compute the six partial derivatives, equate them to zero, and solve for the
estimated optimum factor values. This gives the z values 530.94375, 955.03000, 623.20625,
51.96925, 647.07900, and 74.43700.
This z combination is the next run, run tf29. It gives an output of 145.4481, which is a
drastic increase, namely of 41.040~0, compared with the highest output so fac Re-estimating the
polynomial gives anoverall mean, main and quadratic effects that hardly change, and interactions
that change quite a bit. The re-estimated optimal z values are 409.5375, 886.8600, 516.0275,
36.1 193, 529.1760, and 8.6685. This combination is the input for the next run, run ik30. This
yields 159.5943, a further increase.
The next re-estimated optimal inputs aze 427.7513, 925.72, 533.6238, 38.71 125, 551.823,
and -7.0495 So the value for F is neRutive, which is impossible since F denotes the factor copper.
Thus, we decide to keep its level at zero in the next run. This yields an output of 157.5518, which
is a decrease compared with the immediately preceding run. The re-estimated effects hardly
change. The re-estimated optimal inputs are now 396.08925, 1109.382, 632.425, 39.63895,
512.8965, and 58.2545. So some inputs increase, some decrease, factor F becomes positive again,
which is more meaningful. This combination becomes the input for run H32. This yields an
output of 151.3, a decrease.
In the next stage we investigate whether it makes sense to eliminate the run that had zero
input for factor F, from the analysis (treat that run as an `outlier'). This, however, again gives a
negative value for F. Moreover, the output predicted by the regression model is lower than the
output predicted when keeping that run (with negative F-value) in the analysis. The latter
approach gives roughly the same effects as the preceding runs did. The optimal z values become
531.652, 1034.68, 488.22, 32.9985, 642.859, and 39.3584. This z combination is tite input for
our last run, run lf33. This yields an output of 152.6. This output is no[ the maximum over all 33
runs; the maximum output is that ofrun tt30 (also see the appendix).
6. Conclusions
We have a total of 33 runs, including the free base rmi provided in the problem definition. The
first 22 runs were used forthe estimation ofthe 6 main effects and the 15 two-factor interactions,
besides the overall mean. These runs were specified by Rechschaffner's saturated design (Table
1), and by deciding to change the factors by l00~0 (Appendix). These runs gave outputs that
increased by no more than 90~0 (90.9 became 99.2).
The next six runs were meant to estimate the six quadratic effects. We changed the factors
one at a time, increasing them by 200~0 (appendix, runs fk23 through ti28). This increased the
output to a maximum of 103.1, a modest inerease.
The remaining five runs (ti29 through ff33) used the five combinations that were estimatedto be optimal, using the second-order polynomial that was re-estimated after each run. These last
five runs gave substantially improved outputs compared with the preceding set of runs.
The maximum output is the result of run tt30; this maximum is 159.5943. This is a 760~0
inerease compared with the base output, 90.9. Obviously, our estimated maximum is not
necessarily the global maximum: we might have gotten stuck at a local maximum Actually, the
true maximum output tums out to be 160 (see Epilogue), so we have succeeded in approximating
the true maximum very closely.
7. Epilogue
After we finished our search for the maximum simutation output, the true maximum was
revealed by the organizers. The simulation model that was a black box to us, tumed out to be the
following model:
y-160t
- (zi - 420)„s~ (zz - 870)~ioooo - (z3 - 480)';io~ - (za - 40)'no - (-s - 520)z~iaxNi - (~e - 40).~iooo ~
f 30~{ [(z, - 420)(zb - 40)Il 000]~ t 5}- 30I5.
So the true maximum output is 160. There are neíther main effècts nor interactions except for the
interaction between A and F. There is no noise. Notice that the last term (3015) is subtracted,
because the interaction term for optimal input values is 30~(0' - t 5).
We have the following comments on this competition. We were disappointed to learn that
the simulation model was only a mathematical function, not a real-life problem that we were
helping to solve. T'he fact that the simulation model was only this function explains why the
participants did not get any information on the process itselfand the ranges of its inputs. Hence,
in our view the competition is unrealistic: in real life the analysts accumulate much knowledge
while developing their (simulation) model. This knowledge concetns both the model and the real
system that is modeled. In real life the analysts and problem 'owners' should cooperate!
Notwithstanding this criticism, not only we found this an interesting and challenging
problem: twelve teams competed, employed by operations research and statistics departments
ofwell-known international companies (Philips, Unilever), research institutes (TNO, DLO), and
universities (Amsterdam, Tilburg). We won the competition, but it was a`photo tinish': our
maximum output was 159.6, whereas the second-place output was 159.4.
Moreover, in some other respects this competition was realistic. The number of runs was
limited to 32, and there was a deadline (5 January 1998).
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Input
Run A B C D E F Output
1 150 400 250 10 300 100 90.9000
2 150 440 275 11 330 110 96.2860
3 165 400 275 I1 330 I10 94.2709
4 165 440 250 11 330 110 96.7834
5 165 440 275 ]0 330 110 97.0281
6 165 440 275 Il 300 I10 96.6409
7 165 440 275 11 330 100 99.2037
8 165 440 250 ]0 300 ]00 96.0433
9 165 400 275 10 300 100 93.5308
10 165 400 250 11 300 100 93.2862
11 165 400 250 ]0 330 100 93.6733
12 165 400 250 10 300 110 91.1106
13 I50 440 275 10 300 ]00 95.5425
14 150 440 250 11 300 100 95.2979
15 150 440 250 10 330 100 95.6850
16 150 440 250 10 300 110 93.1257
17 150 400 275 11 300 100 92.7854
18 150 400 275 ]0 330 100 93.1725
19 150 400 275 10 300 110 90.6132
20 I50 400 250 11 330 100 92.9279
21 150 400 250 11 300 110 90.3685
22 I50 400 250 10 330 110 90.7557
23 165 485 275 Il 330 100 102.7941
24 206.25 440 275 11 330 100 103.1224
25 165 440 343.75 11 330 100 ]01.5498
26 165 440 275 13.75 330 100 101.3742
27 165 440 275 1 1 412.5 100 ]01.6581
28 165 440 275 11 330 75 101.8076
29 530.9438 955.02 623.2063 51.96925 647.079 74.437 145.4481
30 409.5375 886.86 516.0275 36.1193 529.176 38.6685 159.5943
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33 531.652 1034.68 488.22 32.9985 642.859 39.3584 152.6000No. Author(s) Title
9745 M. Das, J. Dominitz and Comparing Predicitions and Outcomes: Theory and Application
A. van Soest to Income Changes
9746 T. Aldershof, R. Alessie and Female Labor Supply and the Demand for Housing
A. Kapteyn
9747 S.C.W. Eijffinger, Why Money Talks and Wealth Whispers: Monetary
M. Hoeberichts and E. Schaling Uncertainty M. Hcebcrichts and E. Schalingand Mystique
9748 W. Guth Boundedly Rational Decision Emergcnce -A General
Perspective and Some Sclective Illustrations-
9749 M. Lettau Comment on `The Spirit of Capitalism and Stock-Mazket
Prices' by G.S. Bakshi and Z. Chen (AER, 1996)
9750 M.O. Ravn and H. Uhlig On Adjusting the HP-Filtcr for the Frequcncy ofObservations
9751 Th. v.d. Klundert and Catching-Up and Regulation in a Two-Sector Small Open
S. Smulders Economy
9752 J.P.C. Kleijnen Experimental Design for Scnsitivity Analysis, Op[imization,
and Validation ofSimulation Models
9753 A.B.T.M. van Schaik and Productivity and Unemployment in a Two-Country Model with
H.L.F. de Groot Endogenous Growth





9759 R.M.W.J. Beetsma and
H. Uhlig
9760 M. Lettau and H. Uhlig
9761 F. Jansscn and T. de Kok




Precautionary Motives and Portfolio Decisions
Price Formation by Bargaining and Posted Prices
Equivalence ofAuctions and Posted Prices
The Value Relevance of Dutch Financial Statement Numbers
for Stock Market Investors
An Analysis of the "Stability Pact"
Preferences, Consumption Smoothing, and Risk Premia
Thc Optimal Number of Suppliers in an (s.Q) Inventorv System
with Order Splitting
The Fill Rate Service Measure in an (s.Q) Inventory System
with Order Splitting
Fiscal Policy in a Stochastic Model ofEndogenous Growtit
Hours Constraints within and between Jobs
Fast Leaming in OrganizationsNo. Author(s)
9766 A. Blume
9767 B. van der Genugten
9768 W. Guth and B. Peleg
9769 E. Rebers, R. Bcetsma and
H. Peters
9770 B. Donkers and A. van Scest
9771 K. Kultti
9772 H. Huizinga and S.B. Nielsen
9773 H. Huizinga and S.B. Nielsen
9774 E. Charlier
9775 M. Berliant and T. ten Raa
9776 A. Kalwij, R. Alessic and
P. Fontein
9777 P.J.J. Herings
9778 G. Gurkan, A.Y. ~zge
and S.M. Robinson
9779 S. Smulders
9780 B.J. Heijdra and L. Mcijdam
9781 E.G.F. Stancanclli
9782 J.C. Engwerda and
R.C. Douven
9783 J.C. Engwerda
9784 J.C. Engwerda, B. van Aarle
J.E.]. Plasmans
9785 J. Osiewalski, G. Koop and
M.F.J. Stecl
Title
Information Transmission and Preference Similarity
Canonical Partitions in the Rcstricted Linear Model
When Will the Fittest Survive? -An Indirect Evolutionarv
Analysis-
When to Fire Bad Managers: The Role of Collusion Between
Management and Board of Directors
Subjective Measures of Household Prefcrences and Financial
Dccisions
Scale Retums of a Random Matching Model
A Wclfarc Comparison of Intemational Tax Regimes with
Cross-Ownership of Firms
The Taxation of Interest in Europe: A Minimum Withholding
Tax?
Equivalence Scales for the Former West Germany
Increasing Retums and Perfect Competition: The Role ofLand
Household Commodity Demand and Demographics in the
Netherlands: a Microeconometric Analysis
Two Simple Proofs of the Feasibility of the Linear Tracing
Procedure
Sample-Path Solutions for Simulation Optimization Problems
and Stochastic Variational Inequalities
Should Environmental Standards be Tighter if Technological
Change is Endogenous?
Public Investment in a Small Open Economy
Do the Rich Stay Unemployed Longer? An Empirical Study for
the UK
Local Strong d-Monotonicity ofthe Kalai-Smorodinsky and
Nash Bargaining Solution
Computational Aspects ofthe Open-Loop Nash Equilibrium
in Linear Quadratic Games
The (In)Finite Horizon Open-C.oop Nash LQ-Game: An
Application to EMU
A Stochastic Frontier Analysis of Output Level and Growth
in Poland and Westem EconomiesNo. Author(s)
9786 F. de ]ong
9787 G. Giirkan, A.Y. Ozge
and S.M. Robinson
9788 A.N. Banerjee
9789 G. Brennan, W. Guth and
H. Kliemt
9790 A.N. Banerjee and
J.R. Magnus
9791 A. Cukierman and
M. Tommasi





9794 B. Dellaert, T. Arentze,
M. Bierlaire, A. Borgers
and H. Timmermans
9795 A. Belke and D. Gros
9796 H. Daniëls, B. Kamp and
W. Verkooijen
9797 G. Gurkan
979R V. Bhaskar and E. van Dammc
9799 F. Palomino
97100 G. Gurkan and A.Y. l5zge
Title
Time-Series and Cross-Section Information in Affine Term
Structure Models
Sample-Path Solution ofStochastic Variational [nequalities
Sensitivity ofUnivariate AR(1) Time-Series Forecasts Ncar
thc Unit Root
Trust in the Shadow ofthc Courts
On the Sensitivity ofthe usual t- and F-tests to AR(I)
misspecification
When does it take a Nixon to go to China?
Central Bank Autonomy and Exchange Rate Regimes - Their
Effccts on Monetary Accommodation and Activism
Family Members' Projections of Each Other's Preference and
Influence: A Two-Stage Conjoint Approach
Investigating Consumers' Tendency to Combine Multiple
Shopping Purposes and Destinations
Estimating the Costs and Benefits of EMU: The Impact of
Extemal Shocks on Labour Markets
Application ofNeural Networks to House Pricing and Bond
Rating
Simulation Optimization of Buffer Allocations in Production
Lines with Unreliable Machines
Moral Hazard and Private Monitoring
Relative Performance Equilibrium in Financial Markets
Functional Properties of Throughput in Tandem Lines with
Unreliable Servcrs and Finite Buffers
97101 E.G.A. Gaury, J.P.C. Kleijnen Configuring a Pull Production-Control Strategy Through a
and H. Pierrevai Generic Model
97102 F.A. de Roon, Th.E. Nijman Analyzing Specification Errors in Models for Futures
and C. Veld Risk Premia with Hedging Pressure
97103 M. Berg, R. Brekelmans Budget Setting Strategies for the Company's Divisions
and A. De WaegenaereNo. Author(s)
97I04 C. Femández and M.F.J. Steel
97105 C. Fernández and M.F.J. Steel
97106 M.C.W. Janssen and
E. Maasland
97107 A. Belke and M. Gticke
97108 D. Bergemann and U. Hege
97109 U. Hege and P. Viala
97110 P.J.-J. Herings
97111 C. Femández, E. Ley, and
M.F.J. Steel
97112 J.J.A. Moors
97l 13 J.J.A. Moors, B.B. van der
Genugten, and L.W.G.
Strijbosch
97114 X. Gong and A. van Scest
Title
Reference Priors for Non-Normal Two-Sample Problems
Reference Priors for the General Location-Scale Model
On the Unique Dl Equilibrium in the Stackelberg Model
with asymmetric information
Multíple Equilibria in German Emplo}Tnent -Simultaneous
Identification ofStructural Breaks-
Venture Cápital Financing, Moral Hazard, and Leaming
Contentious Contracts
A Note on "Stability ofTátonnement Processes ofShort Period
Equilibria with Rational Expectations"
Statistical Modeling of Fishing Activities in the North Atlantic
A Critical Evaluation of Mangat's Two-Step Procedure in
Randomized Response
Repeated Audit Con[rols
Family Structure and Female Labour Supply in Mexico City
97l IS A. Blume, D.V. DeJong, Evolution of Communication with Partial Common Interest
Y.-G. Kim and G.B. Sprinkle
971 16 J.P.C. Kleijnen and A Methodology for Fitting and Validating Metamodels in
R.G. Sargent Simulation
971 l7 J. Boone Technological Progress and Unemployment
97118 A. Prat Campaign Advertising and Voter Welfare
9801 H. Gersbach and H. Uhlig Debt Contracts, Collapse and Regulation as Competition
Phenomena
9802 P. Peretto and S. Smulders Specialization, Knowledge Dilution, and Scale Effects in an IO-
based Growth Model
9803 K.J.M. Huisman and P.M. Kort A Further Analysis on Strategic Timing of Adoption of New
Technologies under Uncertainty
9804 P.].-1. Herings and Computation of the Nash Equilibrium Selected by the Tracing
A. van den Elzen Procedure in N-Person Games
9805 P.J.-J. Herings and Continua ofUnderemployment Equilibria
J.H. DrèzeNo. Author(s)
9806 M. Koster
9807 F.A. de Roon, Th.E. Nijman
and B.I.M. Werker
9808 R.M.W.J. Bcetsma and
P.C. Schotman
9809 M. Butler
9810 L. Bettendorfand F. Verboven
98l l E. Schaling, M. Hceberichts
and S. Eijffinger
9812 M. Slikker
9813 T.van de Klundert and
S. Smulders
9814 A.Belke and D. Gros
Title
Multi-Service Serial Cost Sharing: A Characterization of the
Moulin-Shenker Rule
Testing for Mcan-Variance Spanning with Short Sales
Constraints and Transaction Costs: The Case of Emerging
Markets
Measuring Risk Attitudes in a Natural Experiment: Data from
the Television Game Show Língo
The Choice betwcen Pension Reform Options
Competition on the Dutch Coffee Market
Incentive Contracts for Central Bankers under Uncertainty:
Walsh-Svensson non-Equivalence Revisited
Averagc Convcxity in Communication Situations
Capital Mobility and Catching Up in a Two-Country,
Two-Sector Madel of Endogenous Groa~th
Evidence on the Costs of Intra-European Exchange Rate
Variability
9815 1.P.C. Kleijnen and O. Pala Maximízing the Simulation Output: a CompetitionPc
ui~u~~i~~u~n~iiui~~ui~